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Conditional probability P(z|ly) = (z,y)
P(y)
Product rule P(z,y) = P(x|y)P(y)
Chain rule P(X1,Xo,...Xn) = P(X1)P(X3|X1)P(X3|X1,X5)...
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X, Y independent if and only if: Vz,y : P(z,y) = P(x)P(y)

X and Y are conditionally independent given Z if and only if:
Vz,y,z 1 P(x,y|z) = P(z]2)P(ylz)
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Video of Demo Ghostbusters Basic Dynamics




Video of Demo Ghostbusters Circular Dynamics




Video of Demo Ghostbusters Whirlpool Dynamics
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Pacman — Sonar (P4)




Video of Demo Pacman — Sonar (no beliefs)
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